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Macroecological laws describe variation
and diversity in microbial communities
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What is the taxonomical and functional
impact of the seascape to the
communities at macroecological level?
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Pareto IV distribution:
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A relation between metaG and metaT?
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A relation between metaG and metaT?
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An analytical framework for gene expression?
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“Universal” distribution
for gene expression?
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Focusing on

"Universal” distribution only 1 MAG
for gene expression? SR IATE.
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Assessing the role of biology

F. cylindrus - Mock et al., 2017
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Assessing the role of biology
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SAD normalization?
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The Ring model
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Macroecological patterns
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